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ABSTRACT

The Social Media Post Generator implements Transformer engineering to build automatic social
media content for both Twitter and LinkedIn operations. The implementation strategy allows us to
obtain attractive relevant content along with effective production methods. This is our goal. Higher
prediction accuracy emerges through user behavior forecasting because the platform connects
demographic information with liking behavior data resulting in better overall experience. The system
brings together built-in automatic hashtag suggestions together with visual analytics functionalities
which improve user experience during content planning stages. The platform development
incorporated Python code and NLP frameworks for its development while Grog API enabled real-
time processing and the platform used Gradio for building interfaces. Through Al automation the
social media marketing platform provides essential tools and optimization features to influencer
experts and marketers so they can better direct their digital platform management.

Keywords: Al Content Creation, Transformer NLP; Social Media Automation; Engagement
Prediction; Hashtag Suggestions; Grog API; Gradio Interface.

I. INTRODUCTION
Social media platforms serve as the modern environment where companies execute basic
communication needs and develop marketing strategies and establish brand reputation.
Content arrangement following viewers' habits leads to the acquisition of target audience
members for online awareness. The Transformer adopts LLAMA 3 alongside automatic
capabilities for creating Twitter and LinkedIn network content designed for optimization.
The system produces high-quality social media content through its operational
capability with the implementation of advanced large language model LLAMA 3 that
supports platform dependencies. The artificial intelligence platform raises work efficiency
through its ability to create appealing content that viewers respond to positively.
Al technology uses its information generation abilities to enhance social media
communication through automated systems generating social content by implementing
typical human language patterns. A variety of users maintain basic online content
management functions while platforms and marketing specialists and experienced users
depend on this technology to develop constant branding consistency. These operational
modes let users handle premium social media content generation in order to support brand
promotion as well as audience engagement or verbalization.

Il. PROBLEM STATEMENT

Twitter and LinkedIn serve as essential tools for personal brand development and help
organizations to communicate their brand and perform digital marketing operations.
Creating enticing content for different platforms presents difficulties to specialists who need
to write for specific audiences and pick suitable content. Content generation today uses both
manually written content alongside computer-written automation while continuously facing
difficulties with interactive and updated outputs.

ISSN No: 2250-3676 www.ijesat.com Page | 122



http://www.ijesat.com/
mailto:raavimalleswari988@gmail.com
mailto:keerthipriyavemuri@gmail.com

International Journal of Engineering Science and Advanced Technology (IJESAT)
Vol 25 Issue 04, APR, 2025

Content planning _— Topic Selection . Tone & Style Check

l

Platform Selection

l

Approval Process

I

Manual Reporting . Planning Post

< No Monitoring

Fig: Manual Workflow of a System

I11. EXISTING SYSTEM

Social media posts were created previously from two methods: rule-based models and
template-based models under the existing system framework. The generation methods apply
pre-built structures together with human-made rules to produce standardized content that
maintains proper grammatical syntax. Text generation through transformer-based language
model GPT-2 allows the system to surpass previous limitations in text generation processes.
GPT-2 shows excellent fluency and coherent capabilities because it uses its deep learning
structure to detect complex linguistic patterns across the text.
a. GPT-2 generates texts through present input yet fails to account for vital elements such as
user feelings on social media and platform needs alongside preferred content themes.
b. The text output processing from GPT-2 creates human-like passages that sometimes result
in repetitive or generic content which decreases social media post interaction quality.
c. The incapability of GPT-2 to manage precise text control stems from its difficulty to align
brand consistency with audience-specific content relevance.
d. Actual models lack direct focus on how comments and share metrics as well as like
popularity affect their functions.
Algorithms Used:
1.Rule-Based Systems
2. Template-Based Generation
3. Basic NLG (Natural Language Generation)
Advantages:
1.  Support and debugging of the system remains simple because it functions through
either rule-based templates or through template-based configurations.
2. The systems produce outputs that meet both predefined safety constraints and defined
specifications. These systems operate using low energy requirements yet work without GPU
hardware equipment and extensive infrastructure.
Disadvantages:
1. Posts that fail to stimulate their audience cause the audience to become disengaged.
2. This platform demonstrates constraints when adapting to future market tendencies and
modifications in social media patterns and media culture developments
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3. These platforms do not integrate real-world knowledge about user engagement and related
mathematical handling with external environmental impacts into their systems.

IV. PROPOSED SYSTEM

The system demonstrates a new method of social media content production using
LLaMA (Large Language Model Meta Al) technology based on Al capabilities. The LLaMA
solution surpasses standard template-based and rule-based solutions since it generates
flexible material instead of recurrent patterns. Customers gain valuable content production
abilities through LLaMA to produce professional brand materials using popular trending
information and market-driven requirements.

The core function of LLaMA allows it to simultaneously boost content quality while
improving relevance features. Users can use this system to create social media content
independently and the platform adjusts post styles automatically according to their
preferences. The system operates with two enhancement layers using built-in real-time
dialogue systems and automated hashtag suggestions and forthcoming user reaction metrics
forecasts. The system shows data-based post-analytics through word cloud visualizations
which guide user selections.
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Fig: LLAMA System Architecture

V. METHODOLOGY:

The system's LLaMA language models generate high-quality material for social media
sites thanks to a methodical framework made up of multiple connected parts.In order to
produce final content and get feedback, users first provide input to the system, which then
assesses ongoing processes. During the essential data preparation steps of execution, the
system process interacts with user data entry.
1.User Input & Preprocessing:

Users begin the methodology by introducing content material then they must
determine their brand voice specifications and select between Instagram and Twitter
platforms and pick preferred search terms. The system generates operational formats through
its platform using the incoming data streams.
2.LLaMA-Based Text Generation:

The system produces initial social media content through its main operational function
which taps into the capabilities of LLaMA model. The LLaMA model receives platform
instructions together
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with tone guidelines and writing rules and character-based restrictions from commands
during fine-tuning processes.
3. Post Optimization Engine:

The evaluation system runs its word optimization process to improve clarity while
enhancing effect after it provides hashtag recommendations and engages in audience
projection assessment. The executable tactical features apply specific functions on different
platform-targeted sections of the system allowing Instagram to append emojis but Twitter
takes charge of restricting text message dimension.

4. Interactive Feedback Module:

An interactive interface presents the generated post to the user. Users can provide
feedback through editing segments of the content or by asking re-generations with certain
tweaks (i.e., make it more casual, add a cta, etc.).

5. Visualization & Insights:

A visual analysis module gives more insights into the contents for example, word
clouds (for most frequently used or impactful words), tone graphs, and estimated
engagement graphs.

6. Output Delivery:

After refinement and validation, the final content is made available for download, copy,
sharing, or direct scheduling on social media platforms through integration with publishing
tools.

User Input and Text :
: ; Post Interactive L Output
Preprocessing Generation Ontiizat \ Visualization AL
: : \ ptimization\n Feedback\n T Delivery\n
\n with LLaMA\n : and Insights\n
. Hashtags and User Edits and 2 Download,
Topic, Torx; A Engagement Regeneration Wtk Copy, Schedule
Platform, platform sagen and Charts 4
. Prediction
Keywords Alignment

Preprocessing Stage Algorithms:

1.Normalization and Cleaning of Text:

o This stage gets unprocessed user input ready for processing.All of the terms have been
changed to lowercase.

. Elimination of Superfluous Punctuation: This eliminates extraneous punctuation.
2.Extracting Keywords

o TF-IDF (Term Frequency-Inverse Document Frequency).Without training data,
keyword phrases can be found using .

RAKE (Rapid Automatic Keyword Extraction).

TextRank is a graph-based ranking system that is comparable to Google PageRank.
Large Language Model Meta Al is referred to as LLaMA.

Text Production: A transformer-only decoder architecture.

Pre-trained on large corpora to predict upcoming tokens

Promotes creativity or advancement by adjusting the tone (formal, friendly, amusing)
Post-Optimization Techniques:

1. Optimization Techniques

o Keyword matching with hashtag suggestions (from created post).

o Word vectors from Word2Vec, FastText, or BERT are used to incorporate similarities
in order to find relevant hashtags.
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VI. RESULTS & DISCUSSIONS:
Output-1: For the twitter post

Social Media Post Generator with Transformers
Generate social media posts with simulated likes and age group analysis.

Single Post Batch Processing

Topic Generated Post

“Al update: I've finally learned to make dad jokes! Why did the neural network go to therapy? Because it was
fee\inga little ‘dis-connected'! #AlAwareness #DadJokes”
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Output-2: For Batch Processing

Social Media Post Generator with Transformers
Generate soclal media posts with simulated likes and age group analysis.

Single Post

Ai Advancements
cyber security vancements are revolutionizing industries and improving lives. From healthcare to

ter future is on the horizon! #Al #innovation

Intelligence #TechForGood #FutureOfWork #InnovationNation #Artificialintelligence

r digital life. Stay informed, update your software,
#CyberSecurity #OnlineSafety”

Twitter Linkedin

Word Cloud of Generated Posts

humans
FutureReady '
empowering

Generate Batch Posts w‘v ”‘l“, F ‘revolutionizing

VII. CONCLUSION:

LLAMA 3 model has transformed social media post generation through the generation
of high-quality, contextual, and engaging content. LLAMA 3’s powerful language
understanding and generation capabilities make it easy to enhance brand engagement,
streamline content workflows, and personalize user interactions at scale. Moving toward Al
Content Creation: Thanks to LLAMA 3 there will be more effective and impactful social
media strategies in the future.
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